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ABSTRACT

Public sector adoption of Al systems for policy decisions -- welfare eligibility, criminal sentencing, child protective
services, immigration processing, and public health resource allocation -- raises distinctive ethical challenges that differ
fundamentally from private sector Al deployment because government decisions carry the coercive authority of the state
and affect citizens who cannot opt out. This study presents a systematic analysis of Al deployment in public policy across
42 government Al projects in 18 countries, evaluating each on six ethical dimensions: transparency (public disclosure of
Al use and logic), accountability (clear responsibility assignment and appeals mechanisms), proportionality (matching Al
sophistication to decision stakes), equity (impact on vulnerable populations), democratic legitimacy (public participation in
deployment decisions), and remediation (mechanisms for correcting Al-caused harm). Projects were scored 1-5 by three
independent evaluators with expertise in technology policy (ICC = 0.78). The mean ethical compliance score was 2.48/5
-- below the threshold of 3.0 considered operationally adequate -- indicating systematic governance deficits.
Transparency was the weakest dimension: 64.3% of projects provided no public disclosure that Al was being used in the
decision process. Accountability showed the widest variation (SD = 1.52): some projects had comprehensive appeals
mechanisms while others offered no recourse to affected citizens. Equity analysis revealed that 38.1% of projects had
conducted no disparity assessment prior to deployment. Projects in countries with existing Al governance frameworks
scored 42.8% higher on composite ethics than those without (3.12 vs. 2.18; p < 0.001). A practical public sector Al ethics
checklist derived from the highest-scoring projects and aligned with the OECD Al Principles is proposed.
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1. Introduction

1.1 Government Al Is Different

When a private company uses Al to recommend a
product or personalise a news feed, the individual
can choose to use a different product or news
source. When a government uses Al to determine
welfare eligibility, flag a family for child protective
investigation, calculate a criminal sentencing
recommendation, or prioritise a visa application,
the individual typically has no alternative provider
and limited ability to contest the decision.
Government AI operates within a fundamentally
different power relationship than commercial Al: it
wields the coercive authority of the state against
individuals who are often the most vulnerable
members of society -- welfare recipients, criminal
defendants, immigrants, and families in crisis. This
asymmetry of power imposes correspondingly
higher ethical obligations on government AI
deployments: the standards for transparency,
fairness, accountability, and due process that
apply to government decisions generally should
apply with at least equal force to government
decisions mediated by algorithms.

1.2 The Proliferation of Government Al
Government use of Al has expanded rapidly across
policy domains and jurisdictions. Tax authorities
use ML to identify audit targets. Social services
use predictive models to prioritise child welfare
investigations. Criminal justice systems use risk
assessment tools to inform bail, sentencing, and
parole decisions. Immigration agencies use
automated systems to screen visa applications and
detect fraudulent documents. Public health
agencies used AI for COVID-19 contact tracing,
resource allocation, and vaccine prioritisation.
Employment agencies use algorithmic matching to
connect job seekers with opportunities. In many
cases, these systems were deployed without public
consultation, without independent evaluation, and
without mechanisms for affected individuals to
learn that AI was involved in decisions affecting
their lives. The pace of deployment has
outstripped the development of appropriate
governance, creating an accountability vacuum
that this study aims to characterise and address.

1.3 Objectives

This study addresses four objectives: (i)
systematically evaluate the ethical compliance of
42 government Al projects across six dimensions;
(ii) identify the most common governance deficits;
(iii) assess whether existing AI governance
frameworks improve public sector AI ethics; and

(iv) develop a practical ethics checklist for
government Al deployment.

2. Literature Review

2.1 High-Profile Government Al Failures

Several high-profile cases have demonstrated the
consequences of inadequate ethical governance of
public sector AI. The Dutch childcare benefits
scandal (toeslagenaffaire) used an algorithmic
fraud detection system that disproportionately
targeted families with dual nationality, resulting in
thousands of families being falsely accused of
fraud and forced to repay benefits, ultimately
leading to the resignation of the entire Dutch
government. The UK A-level grading algorithm
during COVID-19 systematically downgraded
students from disadvantaged backgrounds based
on their school's historical performance, producing
outcomes that reflected socioeconomic inequality
rather than individual achievement. The Australian
Robodebt scheme used automated data matching
to generate debt notices for welfare recipients,
many of which were incorrect, causing severe
financial and psychological harm to vulnerable
individuals. These cases share common features:
algorithms deployed without adequate testing for
disparate impact, without meaningful
transparency about the algorithmic process, and
without effective mechanisms for affected
individuals to challenge incorrect decisions.

2.2 Ethical Frameworks for Government Al

Several frameworks have been proposed
specifically for public sector AI ethics. The
Canadian Algorithmic Impact Assessment Tool
(AIA) requires federal departments to assess the
impact level of automated decision systems before
deployment, with graduated requirements based
on impact level. The US Executive Order on Al
(2023) mandates algorithmic impact assessments
for federal AI affecting civil rights. The Council of
Europe's recommendation on AI in the public
sector emphasises human rights compliance. The

OECD Al Principles specifically address
government use through the principle of
accountability. These frameworks represent

important progress but their adoption and
enforcement vary widely across jurisdictions.

2.3 Proportionality: Matching Al to Decision
Stakes

Proportionality -- the principle that the
sophistication and scrutiny of an AI system should
match the stakes of the decisions it influences -- is
a cornerstone of responsible government Al but is
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poorly operationalised in practice. A simple
rule-based eligibility check for a minor
administrative process requires less oversight than
a predictive model that influences criminal
sentencing or child welfare investigations. The
Canadian AIA operationalises proportionality
through a four-level impact classification, with
each level (triggering progressively more
demanding requirements for transparency,
testing, and human oversight. This graduated
approach avoids both the extremes of prohibiting
all government AI (which would forfeit genuine
efficiency benefits) and of allowing all government
AI without scrutiny (which creates the governance
failures documented in the case studies).

2.4 Democratic Legitimacy and Public
Participation

Democratic governance requires that
consequential public decisions have a basis in
democratic legitimacy -- that they are made
through processes that citizens have authorised
and can influence. When an algorithm makes or
heavily influences a government decision, the
question of democratic legitimacy becomes acute:
did the public or their elected representatives
authorise this use of AI? Were affected
communities consulted before deployment? Is
there a mechanism for democratic oversight and
correction? Participatory approaches to Al
governance -- citizen assemblies, public
consultation processes, community review boards
-- have been proposed as mechanisms for
grounding government Al in democratic
legitimacy, but their practical implementation
remains rare.

Table 1. Six ethical dimensions for evaluating
government Al

Dime Definitio Key Minimu Best
nsion n Indicator m Stand Practice
ard

Trans | Public Disclosure Al use Logic +

paren knows Al | rate disclosed | data

cy is used sources
published

Accou | Clear resp Appeals m Namedr | Independe

ntabil | onsibility | echanism | esponsibl nt

ity e officer | oversight
body

Propo | Scrutiny Impact as | Impact Graduated

rtiona matches sessment | level requireme

classified  nts
applied

lity stakes done

Dime Definitio Key Minimu Best
nsion n Indicator m Stand Practice
ard
Equit No Disparity @ Protecte = Ongoing
y disparate | assessme | d groups | monitorin
impact nt tested g + remed
iation
Dem. Democrati Public con Legislati = Communit
Legiti c authoris @ sultation | ve basis @y review
macy | ation exists board
active
Reme Harm can | Correctio @ Error Proactive
diatio  be n mechani reporting ' identificat
n corrected | sm available ion +
repair
Minimum standard = the lowest acceptable level of

ethical compliance for government Al. Best practice =
observed highest standard among the 42 projects
evaluated. Most projects fall between minimum and best.

3. Materials and Methods

3.1 Project Selection and Corpus

42 government Al projects were identified through
systematic search of government Al registries
(Canada, Netherlands, UK), freedom of
information requests (US, Australia), academic
case studies, and investigative journalism reports.
Projects spanned 18 countries across six policy
domains: social welfare (12 projects: benefit
eligibility, fraud detection, service allocation),
criminal justice (8: risk assessment, predictive
policing, sentencing support), immigration (6: visa
processing, border screening, asylum assessment),
healthcare (7: resource allocation, diagnostic
support, public health surveillance), taxation (5:
audit targeting, compliance scoring), and
education (4: student assessment, resource
allocation). Projects were included if sufficient
documentation existed to evaluate all six ethical
dimensions.

3.2 Ethical Dimension Scoring

Three independent evaluators with expertise in
technology policy, public administration, and Al
ethics scored each project 1-5 on each of the six
ethical dimensions using a detailed rubric. Score 1
= no compliance (dimension completely
unaddressed); 2 = minimal awareness (dimension
acknowledged but not operationalised); 3 = basic
compliance (minimum standard met); 4 = good
practice (exceeding minimum with proactive
measures); 5 = exemplary (best observed practice
serving as model). Inter-rater reliability was ICC =
0.78. Disagreements exceeding 1 point were
resolved through structured discussion. The
composite ethical compliance score was the
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unweighted mean across six dimensions.

3.3 Governance Framework Analysis

Projects were classified by whether the deploying
country had an existing Al governance framework
applicable to government AI at the time of
deployment. Frameworks were categorised as
binding (legislation or mandatory directive),
advisory (non-binding guidelines or principles), or
absent (no government-specific Al governance).
The relationship between framework presence and
ethical compliance was assessed using t-tests and
regression controlling for policy domain, country
income level, and project year.

3.4 Vulnerable Population Impact Assessment
For projects affecting wvulnerable populations
(welfare recipients, criminal defendants, asylum
seekers), additional equity analysis was
conducted: whether the project had conducted
pre-deployment disparity assessment, whether
ongoing monitoring included disaggregated
performance metrics by protected characteristics,
and whether documented cases of disparate
impact had been identified and addressed. This
analysis drew on available documentation
including algorithmic impact assessments, audit
reports, freedom of information disclosures, and
published evaluations by civil society
organisations.

Table 2. Government Al project distribution
by domain and region

Policy Proj Coun Mean Vulnerable Pop.
Domai ects tries Impact Affected
n Level

Social 12 8 High Benefit recipients;

Welfare low-income
families

Crimina | 8 6 Very Defendants;

1 Justice High parolees;
communities of
colour

Immigr 6 5 High Visa applicants;

ation asylum seekers;
refugees

Healthc 7 6 High Patients; elderly;

are disabled persons

Taxatio 5 4 Moderat @ Taxpayers

n e (broad); small
businesses

Educati 4 3 Moderat @ Students;

on e families; teachers

Impact level reflects the consequence severity for
affected individuals. Criminal justice rated Very High
because decisions affect liberty. Social welfare and

immigration rated High because decisions affect
livelihood and legal status.

4. Results

4.1 Overall Ethical Compliance:
Systematically Below Adequate

The mean composite ethical compliance score
across all 42 projects was 2.48/5, with scores
ranging from 1.17 (an immigration screening tool
with no transparency, accountability, or equity
provisions) to 4.33 (a Canadian benefit allocation
system with comprehensive governance). Only
28.6% of projects (12 of 42) scored above the 3.0
threshold considered operationally adequate
across all dimensions. The remaining 71.4% had at
least one dimension scoring below 2.0 (minimal
awareness), indicating significant ethical blind
spots. Criminal justice projects showed the highest
mean compliance (2.84) -- likely because legal
challenges have forced greater attention to due
process -- while immigration projects showed the
lowest (2.02), reflecting the reduced procedural
protections available to non-citizens.

4.2 Transparency: The Most Common Deficit
Transparency was the weakest ethical dimension
across the corpus: mean score 2.12/5. 64.3% of
projects (27 of 42) provided no public disclosure
that Al was being used in the decision process --
affected individuals did not know that an algorithm
had influenced the decision affecting their welfare,
liberty, or legal status. Of the 35.7% that disclosed
Al use, only 14.3% (6 of 42) published information
about the algorithm's logic, data sources, or
performance metrics. The transparency deficit was
most severe in immigration (mean 1.67) and
taxation (1.80), where agencies cited security and
enforcement effectiveness as reasons for
non-disclosure. Healthcare projects showed the
best transparency (2.71), possibly because medical
ethics traditions create expectations of informed
consent that extend to Al-assisted clinical
decisions.

4.3 Equity: 38.1% Deployed Without Disparity
Assessment

38.1% of projects (16 of 42) had conducted no
assessment of disparate impact on protected
groups prior to deployment. Among those that had
conducted assessments, 11.9% (5 of 42) identified
statistically significant disparities but deployed the
system without remediation, citing operational
necessity. Only 23.8% (10 of 42) had ongoing
monitoring of disaggregated performance by
protected characteristics. The equity deficit was
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most concerning in criminal justice, where 3 of 8
projects wused risk assessment tools with
documented racial disparities in false positive
rates -- disparities that directly affect individuals'
liberty through bail and sentencing decisions.
Social welfare projects showed mixed results:
some had exemplary equity practices (the
Canadian system conducted quarterly disparity
audits), while others had none.

4.4 Governance Frameworks Matter: 42.8%
Higher Compliance

Projects deployed in countries with binding Al
governance frameworks scored significantly
higher on composite ethics (mean 3.12 +- 0.48)
than those in countries with advisory frameworks
(2.56 +- 0.54) or no frameworks (2.18 +- 0.62).
The difference between binding and no framework
was 42.8% (p < 0.001). The effect was largest on
accountability (binding = 3.48 vs. none = 1.86;
difference = 87.1%) because binding frameworks
typically mandate specific accountability
mechanisms (named responsible officers, appeals
processes) that advisory frameworks merely
recommend. Transparency showed a smaller but
significant framework effect (binding = 2.64 vs.
none = 1.72; difference = 53.5%). The regression
confirmed that framework presence remained the
strongest predictor of ethical compliance after
controlling for policy domain, country income, and
project year (partial R2 = 0.38; p < 0.001).

Table 3. Ethical compliance scores across six
dimensions (42 projects)

Remediation scores highest because many systems
inherit existing government complaints mechanisms.

Table 4. Impact of AI governance frameworks
on ethical compliance

Framew Proj Mean C Transp Accoun Equit

ork ects omposi arency tability y
Type te

Binding ( 14 3.12+-0 | 2.64+-0 3.48+-0 2.86+

legislatio A8 .84 .72 -0.92

n)

Advisory 12 2.56+-0  2.18+-0 2.64+-1 2.42+

(guidelin .54 .96 .08 -1.04

es)

None 16 2.18+-0 1.72+-1 1.86+-1 1.92+
.62 12 .24 -1.18

Differenc N/A | +42.8% +53.5% +87.1% +49.0

e (bind_n skkk kksk Skkk %***

one)

Dimens Mea SD % Be % Ab Weakest

ion n Sco low ove Domain

re 2.0 3.0
Transpa | 2.12 1.2 | 524 21.4  Immigration
rency 4 % % (1.67)
Account  2.64 1.5 38.1 35.7 Immigration
ability 2 % % (1.83)
Proporti | 2.72 1.1 | 28.6 38.1 Education
onality 8 % % (2.25)
Equity 2.34 1.3 1429 23.8 Criminal
6 % % Justice (2.13)

Dem. Le | 2.18 1.2 1 50.0 19.0 | Taxation (1.60)
gitimac 8 % %
y
Remedi 2.86 | 1.1 23.8 42.9 | Immigration
ation 4 % % (2.00)
COMPO | 2.48 0.8 N/A 28.6 Immigration
SITE 6 % (2.02)

Scores 1-5 by three evaluators (ICC = 0.78). Below 2.0 =
minimal awareness only. Above 3.0 = basic compliance
met. Immigration consistently scores lowest.

*kk n < 0.001. Binding frameworks produce 42.8% higher
composite compliance. The largest effect is on
accountability (+87.1%) because binding frameworks
mandate specific accountability mechanisms. Advisory
frameworks show intermediate compliance.

- -~ Adequacy threshold

Mean Ethical Compliance Score (1-5)

0.0+ T T T S—
Transparency Dem. Legit. Equity portionality

Figure 1. Mean ethical compliance by dimension (1-5

scale). Transparency is weakest (2.12). Remediation

is strongest (2.86). All dimensions fall below the 3.0
adequacy threshold on average.

mmm Composite
mmm Accountability

Mean Score (1-5)

Binding Advisory None

Figure 2. Governance framework effect on composite
and accountability scores. Binding frameworks
produce 42.8% higher composite and 87.1% higher
accountability than no framework.

39



Bio-Ql journal
ISSN: 3117-7336 Vol: 2023, Issues: Issue2, 2023

https://stanfordgroup.org/index.php/BioQl/issue/archive

=== Adeguacy threshold

Mean Composite Ethics Score (1-5)
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Immigration Taxation Education Healthcare Welfare Crim. Justice

Figure 3. Composite compliance by policy domain.
Criminal justice leads (2.84) due to legal scrutiny.
Immigration lags (2.02) due to reduced procedural
protections for non-citizens.
—e— Criminal Justice

—e— Healthcare
—e— Immigration

Proportionali

Accountability

Trar)sparency

Remediation

Dem. Legitina

Figure 4. Ethical profile comparison of three policy
domains (1-5). Criminal justice shows best
accountability (legal requirements). Healthcare
shows best transparency (medical ethics).
Immigration shows deficits across all dimensions.

5. Discussion

5.1 The Transparency Crisis Demands
Immediate Action

The finding that 64.3% of government Al projects
provide no public disclosure of Al involvement is
the most urgent governance deficit identified.
Citizens cannot exercise their right to challenge a
decision -- or even understand it -- if they do not
know that an algorithm was involved.
Transparency is not merely a principle to aspire to;
it is a precondition for all other ethical dimensions.
Without transparency, accountability is impossible
(how can someone be held responsible for a
system whose existence is not disclosed?), equity
cannot be assessed (how can disparate impact be
measured if affected populations do not know the
system exists?), and democratic legitimacy is
hollow (how can citizens participate in governance
of systems they do not know about?). Mandatory
public registries of government AI systems,
modelled on the Dutch Algorithm Register and the
Canadian AIA registry, should be a minimum
requirement for all jurisdictions.

5.2 Binding Frameworks Work; Principles
Alone Do Not

The 42.8% compliance improvement associated
with binding governance frameworks provides
strong evidence that voluntary principles and
advisory guidelines are insufficient for government
Al ethics. This echoes findings from the broader Al
governance literature: principles without
enforcement mechanisms produce aspirational
statements that do not translate into operational
practice. The accountability dimension showed the
largest framework effect (87.1%) Dbecause
accountability mechanisms -- named responsible
officers, appeals processes, oversight bodies --
require institutional infrastructure that voluntary
guidelines do not create. For governments serious
about ethical AI deployment, binding legislation
with specific requirements and enforcement
mechanisms is necessary.

5.3 Immigration AI Requires Particular
Attention

Immigration consistently scored lowest across all
ethical dimensions (mean 2.02), reflecting a
structural governance gap: non-citizens typically
have fewer procedural protections than citizens,
less access to legal representation, and less
political power to demand accountability from the
government agencies processing their
applications. This reduced protection creates a
higher risk of Al-caused harm going undetected
and unaddressed. The ethical obligation is
arguably higher, not lower, for immigration Al
because the affected populations are more
vulnerable and have fewer avenues of recourse.
International standards and cross-border oversight
mechanisms are needed to fill this governance

gap.

5.4 Limitations

Four limitations apply. First, the 42-project
corpus, while diverse, is not exhaustive; many
government Al deployments are undisclosed and
therefore unidentifiable. Second, scoring relied on
available documentation, which may not reflect
actual practice (a project with good documentation
but poor implementation would score higher than
warranted). Third, the evaluators were technology
policy experts; affected community members
might assess ethical dimensions differently.
Fourth, the study evaluated deployment-time
governance; pre-deployment procurement
processes and post-deployment monitoring were
assessed only through documentation.
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6. Conclusion

6.1 Summary

Analysis of 42 government Al projects across 18
countries confirms: mean ethical compliance is
2.48/5 -- systematically below adedquate. 64.3%
provide no transparency about AI use. 38.1%
conducted no equity assessment. Binding
governance frameworks improve compliance by
42.8% (p < 0.001). Immigration AI shows the
worst ethical compliance (2.02) due to reduced
procedural protections for non-citizens.

6.2 Recommendations

Three recommendations emerge. First, mandate
public Al registries for all government Al systems:
citizens have a right to know when algorithms
influence decisions affecting their lives. Second,
enact binding AI governance legislation with
specific requirements for transparency,
accountability, and equity assessment -- voluntary
principles produce 42.8% lower compliance. Third,
extend enhanced protections to immigration Al,
where vulnerable populations face the highest risk
with the fewest procedural safeguards.
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Appendix A
Public Sector Al Ethics Checklist

This appendix provides a practical ethics checklist for
government agencies deploying Al systems, derived
from best practices observed in the highest-scoring
projects in this study.

Pre-Deployment Requirements

P1. Conduct algorithmic impact assessment
classifying decision impact level
(low/moderate/high/very high)

P2. Complete disparity assessment on all protected
characteristics before deployment

P3. Obtain legislative or executive authorisation
proportional to impact level

P4. Conduct public consultation with affected
communities for high/very-high impact systems

Transparency and Disclosure

T1. Register the Al system in a public Al registry with
system description, purpose, and data sources

T2. Notify affected individuals that Al is used in the
decision process at the point of decision

T3. Publish system performance metrics

disaggregated by protected characteristics

T4. Provide individual-level explanation of Al's role in
the decision upon request

Accountability and Remediation

Al. Designate a named senior official responsible for
each Al system's ethical compliance

A2. Establish accessible appeals mechanism for
individuals to challenge Al-influenced decisions

A3. Conduct annual independent audit of system
performance, equity, and compliance

A4. Implement proactive error detection and
remediation process for Al-caused harm
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